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Abstract

We argue that modeling trade imbalances is crucial to understanding transition dynamics in
response to globalization shocks. We build and estimate a general equilibrium, multi-country,
multi-sector model of trade with two key ingredients: (a) endogenous trade imbalances arising
from households’ consumption-saving; (b) labor market frictions across and within sectors. We
use our model to perform several empcto(l)-B7xi8cnn






key ingredients: (i) Consumption-saving decisions in each country are determined by the optimizing
behavior of representative households, leading to endogenous trade imbalances; (ii) Labor market
frictions across and within sectors lead to unemployment dynamics, and sluggish transitions to
shocks; and (iii) Ricardian comparative advantage forces promote trade but geographical barriers
inhibit it.

In our model, trade imbalances arise from country-level representative households making con-
sumption and savings decisions.> These decisions give rise to an Euler Equation that dictates
how countries smooth consumption over time in response to shocks in productivity, trade costs,
and inter-temporal preferences. Our approach relies neither on ad hoc rules for imbalances nor
on specifying the path of imbalances exogenously, which are common in the international trade
literature. Instead, our perspective builds on the workhorse model of imbalances in international
macroeconomics, providing a natural benchmark for understanding how they shape the labor mar-
ket adjustment process.®

Turning to production and the labor market, each household is comprised of individual workers.
These workers choose in which sector to work, taking into account how their choices a ect the
household’s maximizing problem. Similarly, rms choose in which sector to produce, maximizing
expected discounted pro ts. Together, a rm and worker produce tradable intermediate varieties
that are aggregated into sector-level outputs used as inputs into production, or for consumption.
Goods markets are perfectly competitive, but international trade is subject to trade costs. Labor
markets feature two sources of frictions: (i) switching costs to moving across sectors a la Artuc
et al. (2010); and (ii) matching frictions within sectors a la Mortensen and Pissarides (1994).
In particular, our framework allows for job creation and destruction to respond to trade shocks,
leading to rich unemployment dynamics and speaking to a key concern of the public’s anxiety over
globalization.’

We estimate our model using a simulated method of moments and data from the World Input
Output Database as well as several sources of microdata around the world. To ensure tractability
of the estimation procedure, we assume the economy is in steady state and we match data moments
from the year 2000. The procedure conditions on the observed trade shares and allows us to estimate
our parameters country by country, greatly simplifying the process.

To understand the main mechanisms at play in our model, we rst consider a hypothetical
situation where China’s productivity steadily grows for many years before reaching a plateau. In
this case, China smooths consumption by consuming over production in the short run J generating

SSee Obstfeld and Rogo  (1995) for a survey of this approach to imbalances in international macroeconomics.

SMore recent work on global imbalances builds on the standard consumption savings model by adding nancial
frictions (e.g., Caballero et al. (2008) and Mendoza et al. (2009)), or demographics (e.g., Barany et al. (2018)).

“Pavcnik (2017) reviews survey data showing that only 20% of Americans believe trade creates jobs, while 50%
believe it destroys them.



trade de cits J and then below in the long run ] generating a permanent trade surplus. These
patterns in trade imbalances lead to non-monotonic patterns of adjustment. In the short run,
China expands its non-tradable sectors and contracts its tradable sectors. However, in the long
run, it pays o its debt by permanently expanding its tradable sectors above their initial steady-
state levels.

These non-monotonic patterns of adjustment contrast with predictions of the model if trade
is imposed to be balanced across countries in all periods | an assumption commonly imposed in
this literature. In this scenario, sectors gradually and monotonically expand or contract until the
new steady state is reached. Importantly, we observe considerably less reallocation in this scenario,
both in the short and long runs. This exercise shows that the behavior of trade imbalances closely
dictates the pattern and the magnitude of sectoral reallocation. Next, we show that the exact path
of shocks a ecting the global economy | and not just their initial and nal levels ] is critical for
the evolution of trade imbalances and their long-run consequences. Relevant for the policy debate,
trade surpluses (de cits) do not necessarily lead to lower (higher) unemployment.

China’s rise as a major international trade player has generated much attention in academic
and policy circles. Key concerns involve the e ects China and its trade surplus have on the US
labor market and manufacturing. We revisit this event through the lens of our model. We consider
changes in Chinese productivity and trade costs with the rest of the world, as well as shocks to
China’s saving rate ] the so-called \savings glut." We rst estimate that these changes in the
Chinese economy led to a deterioration of 36% of the US trade de cit between 2000 and 2014.
Next, we nd that shocks accrued to the Chinese economy over this period accounted for 25% of
the decline in American manufacturing. Our model predicts fast job creation in services of the
same magnitude, leading to a zero e ect on unemployment. If balanced-trade is imposed, we would
estimate that China accounted for 13% of the decline of US manufacturing. As before, we also have
simultaneous job creation in other sectors, leading to a muted unemployment response. However,
the model predicts a much smaller expansion in services, and a much larger one in Agriculture.

We estimate that shocks to Chinese productivity were responsible for the bulk of China’s e ect
on the size of US employment in manufacturing. China’s savings glut had a signi cant short-run
negative e ect, but this e ect was completely undone by 2014. Finally, we nd that the e ect
of the \China shock™ on US consumption was positive. Although small in absolute terms, these
consumption gains are larger than previously-estimated e ects of large trade shocks such as NAFTA
and the US-China trade war (Caliendo and Parro, 2022).



roles in these discrepancies. We also evaluate the relative performance of these approaches over
the transition path. We nd that discrepancies are smaller once we focus on the comparison of net
present values of consumption, but the two approaches imply quite distinct paths for consumption.
Speci cally, our model generates larger swings in consumption, whereas the formula in Costinot
and Rodr guez-Clare (2014) implies atter dynamics.

As a nal exercise, we compare outcomes of our model with an alternative popular approach
to trade imbalances. In this approach, trade imbalances do not arise from economic decisions.
Rather, each countries’ pro ts are pooled into a global portfolio and redistributed back to countries
according to country-speci c shares that are calibrated to match observed cross-sectional imbalances
(Caliendo and Parro, 2022). We show that this approach leads to quite distinct behavior of trade
imbalances, and, in turn, for reallocation patterns and unemployment.

Our paper speaks to a large literature that investigates the labor market consequences of glob-
alization, both empirically and quantitatively. We make two contributions to this literature by
incorporating both involuntary unemployment and trade imbalances into the state-of-the-art Ri-
cardian trade model of Caliendo and Parro (2015). Broadly speaking, quantitative trade models
based on Eaton and Kortum (2002) have only allowed for a non-employment option (i.e., voluntary
unemployment) or have focused on steady-state analyses, ignoring transitional dynamics. Caliendo
et al. (2019) is an important example of a dynamic quantitative trade model in which workers
make a labor supply decision and face mobility frictions across sectors and regions. However, their
model does not feature job losses and unemployment. On the other end, Carrere et al. (2020) and
Guner et al. (2020) incorporate search frictions and unemployment into multi-sector extensions of
Eaton and Kortum (2002), but do not study






good, these composites are non-traded.

Units of variety j 2 [0;1] for a particular sector k are produced by rms that combine the labor
of one single worker with composite intermediate inputs purchased from all sectors. For a given
variety j, a rm-worker pair engaged in production is associated with a particular productivity x
that we refer to as a match-speci ¢ productivity. In addition to the match-speci ¢ productivity,

rms producing variety j in sector k and country i at time t have access to a common technology
with productivity z,t(;i(j). Total output by a rm producing varire]:tyj (i)n sector k with match-speci ¢

productivity x, and employing composite intermediate inputs M.t;i . at time t, is given by:

Yiei (%) = 2 ) x K ME; K ; €))
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where i 2 (0;1), ki>0,and I; k=i=1.

2.2 Labor Markets

Workers and single-worker rms producing varieties engage in a costly search process. Firms post
vacancies, but not all of them are Iled. Workers search for a job, but not all of them are successful,
leading to involuntary unemployment. We assume that labor markets are segmented by sector ||

rms posting vacancies in sector k in period t can only match with workers searching in that sector
in that period, and vice versa. More precisely, denote the sector-speci ¢ unemployment rate by
uf.;, and the vacancy posting rate as vy;. Both variables are expressed as a fraction of the labor
force L}(;i, measured as the sum of employed and unemployed workers in sector k in country i at
time t. In every period, the fraction of the labor force that matches with a rm is determined by
a function, m; uj; Vi , which is homogenous of degree 1, and strictly increasing and concave in
each argument. Given the homogeneity assumption, we can recast the matching process in terms

of labor market tightness, de ned as:
t -

i 2
ki uﬁ;i @3]
We denote the probability that a rm matches with a worker as ¢i( ;) m; ( ;) %1 . Con-
sequently, the probability that an unemployed worker matches with a rm is ﬁ;iqi( ﬁ;i). After
matching, rms and workers draw a match productivity, X, and rms choose in which variety j to
operate. We detail the choice of j in section 2.4.1. Before doing so, we describe the household’s

problem and the timing of events.



2.3 Households

Countries are organized into representative families, each with a household head that chooses
individual consumption, the allocation of workers across sectors, and aggregate savings to maximize
aggregate utility. We rst describe the utility function and budget constraint of the household head.
Next, we outline the timing of events in the labor market. Finally, we obtain optimal decision rules
for each household head. For ease of notation, we temporarily omit the country subscript i and let
‘ index individuals.

2.3.1 Utility and Budget Constraint

The household head aggregates individual-level utilities, U!, across a continuum of workers/family
members of mass L and maximizes its expected net present value given by:
(X Z D
Eo  ()'' Ul 3)
t=0 0

where is the discount factor, which we assume to be common across countries, and tis a country-
speci ¢ inter-temporal preference shifter that the household head experiences in period t.*! Given
that agents have perfect foresight with respect to all aggregate variables, Eq denotes expectations
with respect to matching probabilities, exogenous match destruction, match-speci ¢ productivity
draws, and future worker-level idiosyncratic shocks. Some of these events are described below. For
future reference, we implement our model at a quarterly frequency, so that each period corresponds
to a quarter.

The utility for worker “ at time t depends on her consumption level, ct, employment status,
el 2 10; 1g






decides whether the worker should search in sector k at time t (at no additional cost), or incur the
moving cost, Cyye, and search in sector k’. Following Artuc et al. (2010), we assume the !ﬁ;‘ shocks
are iid across individuals, sectors and time, and are distributed according to a Gumbel distribution
with mean 0 and shape parameter

Figure 1: Timing of the Model
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dividual consumption is equalized across individuals within the household: ¢t = ct 8. Henceforth,
we will refer to ct as per capita consumption. Armed with this observation, we show in Appendix
A that the labor supply decisions solving the household head’s problem can be decentralized and
written recursively for unemployed and employed workers. We now turn to this recursive formula-
tion.

From here on, we return to indexing countries by i. Moreover, since workers are symmetric up
to x and in each country, we stop indexing individual workers. \We denote by @,E;i(!t) the value of
unemployment in sector k, country i at time t conditional on individual shocks 1t, and by W,};i %)

t+1

the value of employment conditional on match-speci ¢ productivity x. If we de ne b}”l —,

the sector choice, k¥ k' solves:
0] 1
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and Pm;t k';fi " is the price of one unit of the Cobb-Douglas bundle of intermediate
=y
goods.

We assume that in any period t, both new entrants and incumbent rms are free to costlessly
choose what variety j to produce across all varieties within their sector. We refer to this property
as costless variety switching. With this assumption, no arbitrage across varieties will ensure that
wii () = ek (") and pLi()ziG) = pLi(9zL;G" for all pairs j;j° of varieties produced in
country i. Therefore, wj.; and pj.;z\; do not depend on the speci c variety that is produced. This
symmetry across varieties allows us to drop the index j identifying individual varieties. Given the



2.5 Wages and Labor Market Dynamics

The surplus of a match between a worker and a rm, in a given sector k, is de ned as the utility
generated by the match in excess of the parties’ outside options. The rms’ outside option is to post
another vacancy, which is zero under free entry. The worker’s is U ;, the value of search in sector k.
Hence, the surplus of the match with productivity x is given by



at t. Ltk;i is the number of workers in sector k at t (more precisely at t¢) and is equal to:

<X
Lt = Lt 1 + Lt 161: 1St;t+1
ki — ki e 2 2k

&k
{z




ease with which workers can move across sectors. Notice that the same forces come into play if the
shock had originated in US services. Succinctly, since both labor reallocation and search take time,
sectoral shocks | positive or negative ] can have ambiguous impacts on unemployment. In sections
4 and 5, we demonstrate the quantitative signi cance of this interaction between labor reallocation,

job destruction, and job creation creation in the unemployment response to trade shocks.

2.6 International Trade

Our model of international trade closely follows Caliendo and Parro (2015). Varieties are traded
across countries, and given perfect competition and iceberg trade costs, the cost of variety j from
sector k produced in country o can be purchased in country i at a price ptk;0 a) dtk;oi, where the rst
term is the price of variety j in country o and the second term is the iceberg trade cost of shipping
from country o to country i at time t. From equation (10) and costless variety switching we can

write:

t -
Pl () = (21)

acts like the unit cost in Caliendo and

for each variety j, where cf ;
Parro (2015).
We assume that in any country i, sector k and period t, the productivity component zﬁ;i(j)
is independently drawn from a Frechet distribution with scale parameter A}(;i | which is country,
sector, and time speci ¢ ] and time-invariant shape parameter, .'® Consumers buy the lowest
cost variety across countries, treating the same variety from di erent origins as perfect substitutes.
De ne | PON:1 Al Chodioi - With this 10.otion 10i-377(10hd)-,TJ 001rg001RG [-40569aliendc
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further that there are no inter-temporal preference shocks, and so bt =1 for all i and t. In this

1
ESt = RY™IEC! for all i over the transition path. Normalizing

case, equation (27) implies that
N, Eic;t = 1] so that all nominal variables are expressed as a fraction of world expenditure on
nal goods | we obtain that Rt = 1= for all t. In turn, this implies that individual countries’
expenditures on nal goods are constant as a share of world expenditure following a shock. There-
fore, for any path of shocks, countries immediately smooth nal expenditures as a share of global
expenditures. To X ideas, suppose that China realizes that it will gradually become more produc-
tive and richer. In this case, our model predicts that China will consume above production in the
short run and then below in the long run, leading to short-run trade de cits and long-run trade
surpluses. Nonetheless, in the data, we rarely observe this stark version of expenditure smoothing
we have just discussed. The inter-temporal preference shocks b} =1 are wedges that reconcile our
model with the observed data.

It is also important to emphasize that our model can generate persistent trade de cits and trade
surpluses, even if the global economy is initialized at balanced trade across all countries. To see
that, start from an initial steady state. Suppose that at time t = 1, the economy unexpectedly
experiences a series of shocks that end in nite time. In this case, the limiting behavior of the nal
steady-state value of de cits is given by,

L| L|
TYlR <]

+ R NX! (29)
=1 t=1 =t+1
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NX1t= —— Im B/
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This equation shows that the behavior of long run imbalances is determined by initial wealth
allocations B and the short-run behavior of net exports NX! . This second piece is key in
our model: if a country runs a series of trade de cits in the short run, even if they begin with a
zero bond position, they may run trade surpluses in perpetuity.’® In other words, given a positive
interest rate and an in nite horizon, debts that are accumulated in the short run can be rolled
over in perpetuity, leading to a persistent trade surplus. Our quantitative analyses show that these
persistent trade imbalances can be economically important.

2.8 Equilibrium

An equilibrium in this model is a set of initial steady-state allocations fL.;;x?.;;B g, a -

nal steady-state allocations fLg;; x5 B



n o
pro ts and h%usehold coonsumption f [;Clg, trade shares | , sectoral surpluses fw, ;g, and

price indices Pk';;it; Pf,t such that: (1) Worker and rms’ value functions solve (6), (7), and (11);
(2) Consumption and bonds decisions solve (3) subject to (5); (3) The free entry condition holds in
each country and sector: th;i = 0 8k;i;t; (4) The wage equation solves the Nash bargaining prob-
lem and is given by (13). (5) Allocations and unemployment rates evolve according to (15), (16),
%9) (6) Prices are set competitively and goods markets clear: (22)-(24); (7) Labor markets clear:

P
k 1 L = L;; (8) Bonds market clears: ~, Bf =0; and (9) The initial and nal steady-state
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of matching functions without relying on data on vacancies, and the challenge in estimating the
bargaining power parameters without rm-level data. To this end, we impose US estimates from
den Haan et al. (2000), ; = 1:27, for all countries. In addition, we follow a standard practice in the
search literature setting .; = 0:5 (for example, see Mortensen and Pissarides (1999)). The Frechet
scale parameter = 4 comes from Simonovska and Waugh (2014). Finally, we assume individuals

have log utility over consumption, u(c) = log(



Turning to Panel B, we can directly calibrate nal expenditure shares .j, labor expenditure
shares ., and input-output shares .j, without having to solve the model. To that aim, we
employ the World Input Output Database (WIOD), which compiles data from national accounts
combined with bilateral international trade data for a large collection of countries. These data cover
56 sectors and 44 countries, including a Rest of the World aggregate, between 2000 and 2014. We
refer the reader to our Data Appendix for details on how these di erent parameters are computed.

We estimate the parameters described in Panel C using the method of simulated moments
(MSM). Let = ( 1;::; nN) be the vector of these country-speci ¢ parameters. Our estimation
procedure assumes that the economy is in steady state in 2000 and conditions on observed trade
shares ,Bg}a and net exports N XPat | so these moments are perfectly matched.

A convenient aspect of our approach is that, by conditioning on observed trade shares and trade
imbalances, and normalizing total world revenues | ; Yk:i = 1, we can solve for sector-country
revenues fYy.ig independently of . Speci cally, equations (23), (25), and the normalization lead
to a system of equations in fYy.jg, which can be solved before starting the estimation procedure.
Consequently, the sector- and country-speci ¢ labor demand side of the model is xed throughout
the estimation procedure, allowing the labor supply side in each country to be solved in isolation.
To see this, notice that equation (26) contains revenues on the left hand side, and the right hand
side only depends on country-speci c sectoral variables and parameters. Therefore, in steady state,
observed trade ows and trade imbalances are su cient statistics for international linkages. This
property allows us to estimate the model country by country, greatly simplifying the estimation
procedure.??

Another convenient aspect of conducting the estimation conditional on the observed trade shares
is that we do not have to estimate the technology parameters Ay.; and trade costs dy.o;. We develop
algorithms to perform counterfactual responses to shocks to technology parameters and trade costs
relying on the exact hat algebra approach in Dekle et al. (2007), Dekle et al. (2008) and Caliendo
and Parro (2015).

However, because the estimation algorithm does not recover Ay or di.oi, We cannot recover
k:iPj

F
<L i gnd use exact hat

directly. Instead, we only recover the initial steady state value of ey s

algebra to update ey in response to shocks. The complete de nition of the steady-state equilibrium
and the full estimation algorithm is described in the online appendices B and J.1.

For a given guess of , we solve for the steady-state equilibrium, conditional on ,'ggita and
NXDPata to generate: (a) unemployment rates across countries; (b) the quarterly persistence rate
in unemployment in the US; (c) labor market tightness across countries; (d) employment alloca-
tions and average wages across sectors and countries; (e) yearly worker transition rates between

22The method of simulated moments objective function is highly non-linear and non-convex, so that global opti-
mization routines, such as Simulated Annealing, must be applied. Breaking a large parameter vector into smaller
subsets of parameters that can be estimated separately greatly simpli es the estimation procedure.
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sectors across countries; and (f) cross-sectional wage dispersion across countries. We obtain data
counterparts of these objects using several datasets, which we describe in the next section.

3.2 Data and ldenti cation

To obtain unemployment rates, we use data from the Current Population Survey (CPS) in the US
and from ILOSTAT for the remaining countries. We use the CPS once again to measure quarterly
persistence in unemployment in the US. Labor market tightness in the US is obtained from the
Federal Reserve Economic Data (FRED).?® For employment allocations in the US, we once more
use data from the CPS, but for the remaining countries, we use the WIOD. Average wages across



Table 11: Summary of Statistics Used in the MSM Procedure

Panel A: Yearly Worker Transition Rates and Coe cient of Variances of Wages

Country Aggregate (Representative Country)  Source Year
United States Current Population Survey (CPS) 1999-2000
China Urban Household Survey 2004
Europe (United Kingdom) Labour Force Survey 1999-2001
Asia/Oceania (Korea, Australia) Korean Labor and Income Panel Study 1999-2000

Household, Income and Labour Dynamics

in Australia 2001-2002
Americas (Brazil) Relacao Anual de Informacees Sociais 1999-2000
Rest of World (Turkey) Entrepreneur Information Survey 2014

Panel B: Remaining Statistics

Statistic Source

Trade shares WIOD

Net exports WIOD
Unemployment rates ILOSTAT and CPS
Quarterly persistence in unemployment (US) CPS

Labor market tightness (US) FRED
Employment allocations WIOD and CPS
Average wages WIOD




3.3 Estimates and Model Fit

The collection of all estimated parameters can be found in the Online Appendix F, in Tables F.1
through 1.3. We rst discuss the parameters that are obtained outside of the model. Table F.1
displays the nal expenditure shares .j. We can separate the countries in this table in two groups
with similar expenditure shares: (1) United States, Europe, Asia/Oceania, and Americas; and
(2) China and Rest of the World. The most striking di erence between these two countries is
that China and the Rest of the World spend a much larger share of their disposable income on
Agricultural goods and signi cantly lower share on High-Tech Services. The large Chinese share of
expenditures in Agriculture will drive some of the results we report on section 4.
Table



nd that .; typically falls between -0.6 and 0.3 times €;



sectors. In turn, steady-state unemployment rates directly depend on , and on the job nding
rate q( )1 G(x)) (see equation (B.7)). Conditional on , for the model to be able to generate
relatively low unemployment rates, the job nding rate must be relatively large. The larger is,
the larger the job nding rate must be. However, the job nding rate cannot be larger than q( ),
which we target in the estimation by trying to match labor market tightness. This means that in
countries where persistence rates are low (large ) and unemployment rates are also low, there will
be a tradeo between matching the unemployment rate and labor market tightness. This explains
why we tend to both overestimate labor market tightness and the unemployment rate for many
countries: the estimation procedure wants to increase to produce a lower unemployment rate,
but we are simultaneously trying to anchor labor market tightness to its 2000 value of 0.86.

Figure 2: Model Fit
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4 Mechanisms

In order to understand the rich mechanisms at play in our model, we study its behavior in response
to two types of shocks. First, we simulate a slow linear increase in Chinese productivity Ax.china,
uniform across sectors, reaching a plateau of a 5.5 times increase after 15 years. The magnitude
of this shock is in line with the size of actual changes in Chinese productivity that we recover in
section 5.1. Next, to illustrate that the exact path of shocks fed to the model is consequential not
only for short-run responses, but also for long-run outcomes, we feed the model with a 5.5 times



Figure 4: Labor Market Dynamics in Response to Slow Productivity Growth in China (Figure 3a)

(a) Labor Allocations - Balanced Trade (b) Labor Allocations - Full Model
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accumulates yearly changes in sectoral employment shares over time. Ag: Agriculture; LTM = Low-Tech Manufacturing;
MTM: Mid-Tech Manufacturing; HTM: High-Tech Manufacturing; LTS: Low-Tech Services; HTS: High-Tech Services.

complex and often nuanced ways in multi-sector Ricardian models of trade.>® However, we highlight
two features that can help us understand this pattern of specialization across countries in response
to the shock. First, China becomes richer and that tilts world production towards its consumption
basket, which is heavily skewed towards Agriculture (see Table F.1). Second, China has initially
low revealed comparative advantage (Balassa, 1965) in Agriculture, which becomes even lower after
the shock. Put together, world production of Agriculture must increase to satisfy Chinese demand,
but China is relatively better in other activities and specializes accordingly.

With the above discussion as our comparison point, we turn to our full model with imbalances.
First, we consider the behavior of net exports, which are illustrated for China and the US in
Figure 5. Given perfect foresight, the growth path of productivity is fully anticipated by the
Chinese households, who internalize that their long-run income will greatly exceed their short-run
income. They respond by smoothing consumption, substituting future expenditures (when they are
relatively rich) towards increased expenditures in the short run (when they are relatively poor). In
doing so, they sustain trade de cits in the short run by borrowing from the rest of the world J selling
bonds. In the long run, China runs a permanent trade surplus as they must pay interest on their

30gee, for example, Costinot and Rodr guez-Clare (2014) and Caliendo and Parro (2015).
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accumulated debt J see the discussion following equation (29). Meanwhile, all other countries’ trade
imbalances mirror China’s: they nance the Chinese short-run consumption boom by running trade
surpluses (purchasing bonds from China). This leads them to sustain permanent trade de cits in
the long run as they enjoy returns on their bond holdings.

Figure 5: Net Exports Over GDP in Response to Slow Productivity Growth in China (Figure 3a)

These movements in trade imbalances lead to substantially di erent reallocation patterns com-
pared to the model with balanced trade, as can be seen by comparing Figures 4a and 4b. Most
striking are the non-monotonic patterns of reallocation that arise in the full model with imbalances.
To understand these patterns, note that consumption smoothing in China implies an immediate
increase in its expenditure above current production. Because preferences are homothetic, Chinese
expenditures expand proportionally in all sectors. Since trade in Services typically experiences
larger costs, Chinese households respond by quickly reallocating labor towards services. This ex-
pansion in services is ampli ed relative to the case without de cits, and must be accompanied by
a contraction in employment in physical goods sectors ] which are easier to import. Consequently,
there is a short run expansion in services above the nal long run level, and an initial decline in all
of the remaining sectors.

In the long run, China must repay its debt. To do so, China expands production (and exports) in
easy-to-trade goods, such as manufacturing, which occurs through the contraction of the previously
expanded services sectors. This need to pay its debt, alongside the aforementioned forces that
guide the balanced-trade long run steady state, shape China’s nal patterns of production. Thus,
manufacturing expands while Agriculture contracts.

The behavior of reallocation in the remaining countries is symmetric. In the short run, other
countries lend to China by increasing their shipments of relatively tradable goods, causing realloca-
tion towards those sectors. In the long run, as China repays its debt, the other countries contract
their manufacturing sectors, consuming over production. This leads to an expansion of services, as
expenditures increase proportionally in all sectors, and services are most cheaply provided by local
labor.

The behavior of trade imbalances have important implications for the extent of reallocation in

the economy | as Figure 4c shows. First, it leads to non-monotonic patterns of adjustment, so that
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short run reallocation is undone in the long run. Second, there are permanent shifts in consumption
driven by long-run imbalances, which amplify the magnitude of reallocation in the long run relative
to a world without imbalances. For example, US employment in High-Tech Manufacturing contracts
by 5% in the long run in the model with imbalances but only by 2% in model with balanced trade.
In China, High-Tech Manufacturing expands by 61% compared to 40% when balanced trade is
imposed. With these short and long run di erences in mind, we now turn to the implications for
aggregate unemployment.

Figure 4d shows rich dynamic responses which are quite di erent across models (full model vs.
balanced trade). Importantly, it shows that Chinese unemployment spikes up in the short run if
balanced trade is imposed, but it instead declines in the model with trade imbalances. To better
understand these di erences, it is useful to introduce the following decomposition in changes in
aggregate unemployment:

> LE. >x<X Lo, <X Lt
t— 0 K;i ki t k;i t .
Ui =  Ugi—=-—+ == U + = Uk (30)
K i koo k Li
|—{z—} |—{z—1} I {z }
Reallocation Job Creation/Destruction Covariance

where  refers to changes between time t and initial steady-state values (indexed by time 0), and u}
is the aggregate unemployment rate in country i at time t. Aggregate unemployment responds to
shocks because labor is reallocated across sectors with di erent initial levels of unemployment up.;
(Reallocation Channel), because sector-speci ¢ unemployment rates respond due to within-sector
job creation or destruction (Job Creation/Destruction Channel), or because of a residual term that
interacts changes in sector-speci ¢ unemployment with changes in employment shares.

Figure 6 plots the decomposition in equation (30) for China. To understand the Reallocation
Channel, it is important to highlight that, in our model, sector-speci ¢ unemployment rates tend
to be larger in manufacturing sectors than in service sectors. This di erence is partly driven by
relatively lower wages and exogenous separation rates in Services.> Note that in both cases, the



Figure 6: Unemployment Decompositions for China
(a) Full Model (b) Trade Balance

jobs are destroyed and workers must spend time searching for new opportunities. Second, positive
demand shocks tend to lead to a surge in vacancy posting, tightening labor markets and contributing
to a decline in unemployment.3?

Turning to the shock under consideration, in both models, there is substantial reallocation across
sectors, and this tends to increase unemployment in the short run. However, in the model with
trade imbalances, the second force dominates the rst. In response to the shock, expenditures in
China immediately jump up, leading to a very rapid expansion of vacancies (especially in services),
and a reduction in unemployment in the short run. In contrast, in the balanced trade model,
consumption in China responds more gradually over time as there is no consumption smoothing
mechanism. In turn, vacancies also respond gradually, and do not o set the short-run increase in
unemployment driven by reallocation. In the long run, both models have similar predictions for
unemployment, albeit the magnitude is a bit di erent (with a di erence of 0.5%). China is under a
strong growth path, which tends to reduce the productivity threshold for production, contributing
to reduce unemployment.

Having described how the global economy adjusts to slow productivity growth in China, we turn
to its behavior in response to a sudden productivity boost of 5.5 times at once at t = 1. These two
shocks have the same long-run values of productivity, yet they have di erent implications for how
the global economy responds both in the short and long runs. In the wake of a sudden permanent
shock, Chinese households are immediately and perennially richer and so want to instantly increase
consumption of all sectors. Absent reallocation frictions, output would immediately jump to its
new steady state and households would have no incentives to trade bonds. However, labor market
frictions lead to a slow convergence to the new optimal level of output. To smooth consumption,

32As an alternative to our decomposition as a way to understand unemployment dynamics, we re-estimated our
model (a) removing mobility costs; and (b) removing search frictions. We nd that removing mobility costs leads to
ampli ed unemployment responses, while removing search frictions leads to a dampened response that also tends to
go in the opposite direction of our ndings in this section. More details and explanations can be found in Appendix
l.
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Figure 7: Outcomes Following Once-and-for-all Shock in Figure 3b:
Full Model with Trade Imbalances

(a) Evolution of Trade Imbalances (b) Labor Allocations




5 Counterfactuals

Section 4 showed that the exact path of shocks shape the magnitude and evolution of trade im-
balances over time, directly in uencing long-run outcomes through changes in the long-run global
distribution of bond holdings. For this reason, we conduct an empirical exercise in which we extract
the various shocks the global economy has actually experienced between 2000 and 2014. Given the
interest on the impacts of the \China shock™ on the US’s trade de cit and labor market, we use
our extracted shocks to study this event through the lens of our model. We also use these shocks
to compare the consumption gains in response to changes in trade costs in our model to those
obtained in standard models of trade, as summarized by the su cient statistic approach developed
by Arkolakis et al. (2012). Finally, we revisit the shock in Figure 3a to compare predictions of our
model relative to another popular approach in the International Trade literature to modeling trade
imbalances.

5.1 Extracting Shocks from the Data

Relying on the model’s structure and data from the WIOD, we extract three sets of shocks a ecting
the global economy between 2000 and 2014: changes in trade costs &{<;oi, productivity shocks )Q}(;i,
and inter-temporal preference shocks b}. We measure changes in trade costs and productivity

. . dt ., AL
relative to 2000 (which we label t = 0): & . = o=, Al = z5*. On the other hand, shocks to
! k;oi ’ K;i
t+1
inter-temporal preferences are relative to the previous period: b}“ —+. As we recover these

three sets of shocks, we also allow parameters driving preferences ( tk;i) alnd technology ( }ci and
ki) to evolve over time.

In essence, we make use of the gravity structure of the model to obtain shocks to productivity
and trade costs || the procedure we employ is similar to Head and Ries (2001) and Eaton et al.
(2016).3* For inter-temporal preference shocks, we follow Reyes-Heroles (2016) and back out bt
using the Euler equation and time-series data on aggregate expenditures. We leave the details of
the implementation to Appendices H and J.6.

The rest of this section summarizes the main patterns in these shocks. First, Figure H.la
shows increases in productivity all over the world. In particular, China has experienced strong
growth in productivity across all sectors, but especially in manufacturing sectors.>> Other emerging

allocation.

34\We impose )Qﬁ;i = I;?ata and &{;oi = @I&’,?ta for all t > Tpata, Where Tpata is the last period for which we have
data (Tpata = 14 years and refers to December 2014).

35While we plot changes in the productivity location parameters )th;i, this is not directly comparable to productivity
in the classic sense of a Solow Residual. In order to make sense of the magnitudes, note that TFP growth, de ned
as l:ﬁ;i:ﬂi’,:;it, can be expressed as ()Qﬁ;i:bﬁ;ii)l: . Therefore, using our recovered values for }th;i, data on changes in
trade shares, and imposing = 4, the magnitude for actual annualized TFP growth in China ranges from 2.0 to 3.4%
per year, depending on the sector | which is in line with growth accounting estimates discussed in Zhu (2012).
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economies | which comprise the bulk of the Americas and the Rest of the World aggregate ] also
experienced impressive productivity growth, while growth was more muted for advanced economies.

Turning to trade costs, Figure H.1b shows that import trade costs decline over our sample period
for the United States and Asia, and are approximately at in Europe (with some heterogeneity
across sectors). Perhaps surprisingly, starting after the 2008 nancial crisis, initially falling trade
costs begin to atten out or revert in most countries. This more recent behavior of trade costs
likely re ect the slow down in global trade that occurred following the nancial crisis (Bems et al.,
2013). The sources for these increasing frictions are myriad, and include policy changes in countries
like China, as well as changes in supply chain management, and other reasons.

Finally, we turn to our measure of shocks to inter-temporal preferences, which are presented
in Figure H.2. The most striking patterns are found in China, the Americas, and the aggregated
remaining countries (Rest of the World), which exhibit persistent shocks to their inter-temporal
preferences. These persistent deviations are often referred to as the \global savings glut™ (Bernanke,
2005). It is important to recognize that there are rich dynamics to consumption in the real world,
re ecting preferences, frictions, and other factors. We are agnostic on the exact theory, instead
summarizing the e ect of these channels with the b} shocks. This is useful because it allows us to
ask counterfactual questions about the dynamics of globalization shocks without the global savings
glut, without having to specify what policy or change in deep parameters to achieve this || a useful
benchmark to compare against the usual assumption in the International Trade literature of no

consumption smoothing whatsoever.

5.2 The China Shock

The impact of China’s emergence as a key international trade player on the US economy has
attracted much academic interest since the work of Autor et al. (2013) and Pierce and Schott
(2016). Armed with the various shocks accrued to the global economy between 2000 and 2014, we
investigate the role of the \China Shock" on the adjustment of the American labor market through
the lens of our model. However, before proceeding, we need to agree on how to measure the
\China Shock." The constellation of shocks extracted in section 5.1 characterize the world \With
the China Shock." As for the counterfactual world \Without the China Shock," one possibility
is to neutralize all Chinese shocks to productivity, trade costs and inter-temporal preferences and
set R.cpina = Eninaak = FEchinak = Ponina = 1 for all sectors and periods. However, this
counterfactual is too extreme because all countries in the world experience strong productivity
growth in almost all sectors, as we show in Figure H.la. It is therefore unreasonable to pursue
a counterfactual world where China experienced no changes to its fundamentals and at the same
time keep strong growth in productivity in the remaining countries. Consequently, we de ne our
counterfactual \Without the China Shock™ as the constellation of all of the globalization shocks we
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recovered in section 5.1, with the exception of China’s. For China, we set productivity (/th;China),
trade cost (G{(;China) and inter-temporal preference shocks (thhina) to be equal to the average of
shocks experienced by the remaining countries.®® Therefore, this section quanti es the impact of the
shocks accrued to China over this period above those accrued to the \average country" ] excluding
China ] over the 2000-2014 period. We refer to the consequences of these excess shocks as impacts
of the \China Shock."

Figure 8: China Shocks Relative to World Average Shocks
(a) Productivity Growth (b) Changes in Import Costs

(c) Export Costs (d) Inter-Temporal Preference Shocks

Figure 8 shows realized shocks to China relative to the rest of the world’s average. Chinese
growth exceeds that of the average country in all sectors, but this pattern stands out for manufac-
turing sectors, and most strongly in Low-Tech Manufacturing. Relative import shocks are relatively

at during the period we consider, although they rst decline before recovering. In contrast, export
costs strongly decline over that period, highlighting a quite asymmetrical behavior of trade costs.
Finally, China experiences large inter-temporal preference shocks relative to the rest of the world,
re ecting the salient savings glut we discussed in the previous section.%’

We start by investigating the e ect of the China Shock on trade imbalances. Figure 9a shows
that the observed evolution of Chinese fundamentals (productivity, trade costs and inter-temporal

%6 Technology and preference parameters L ki and . vary over time but are imposed to be the same across
the two simulations and equal to the values obtained in section 5.1. All the remaining parameters are xed at
calibrated values.

3"The large trade surplus that China has been running since the early 2000s is a puzzle for models in which the
main driving forces are productivity shocks. For instance, as argued by Song et al. (2011), nancial frictions within
China are key drivers of the Chinese savings glut. Our inter-temporal preference shocks constitute a reduced-form
way to allow the model to match the time series behavior of Chinese aggregate expenditures and the rest of the world.
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Figure 9: The China Shock: Net Exports
(a) Us (b) China

Notes: The solid blue line (\With China Shock") depicts the evolution of Net Exports once we feed the model with all
recovered shocks from section 5.1. The dashed red line (\Without China Shock™) depicts the evolution of Net Exports if we

feed the model with all recovered shocks but the productivity (/‘Q}(;i), trade cost (&{(;i) and inter-temporal preference shocks

( }) to China are imposed to be equal to the average of the shocks received by all other countries. The evolution of preference
f(:i) and technology parameters ( ﬁ;i and lE‘;i) is imposed to be the same across the two counterfactuals.

preferences) contributed signi cantly to the deterioration of the US Trade de cit over the 2000-2014
period. If Chinese fundamentals had followed the average path of the rest of the world, the US
trade de cit would have been of 2.5% of GDP in 2014 (red dashed line) as opposed to 3.4% (blue
solid line). This implies that the China Shock, as we de ne it, led to a deterioration of 36% of the
US trade de cit between 2000 and 2014. In parallel, China’s surplus would similarly be much more
modest by the end of 2014 (4% against 11% of GDP).

Autor et al. (2016) hypothesize that the behavior of trade imbalances could have signi cantly
in uenced the American labor market response to changes in Chinese fundamentals. Speci cally, in
a balanced-trade environment, a surge in imports must be synchronized with an o setting expansion
of exports, leading to signi cant reallocation within tradable sectors. On the other hand, if the
import surge is concomitant with a deterioration in the trade de cit, there are no equilibrium forces
propelling export-oriented industries. Instead, labor displaced from import-competing industries
are reallocated to non-tradable sectors or remain idle in unemployment | at least in the short run.
We use our model to rigorously examine these hypotheses.

Figure 10a investigates the impact of the China Shock on the American labor market and on
the decline of manufacturing. We observe a reduction in all manufacturing sectors | the solid blue
line is consistently below the red dashed line across all these sectors. To quantify the e ect of the
China Shock on the decline of manufacturing, we rst estimate that the global shocks (including
the China Shock) led to a total of 1,917k manufacturing jobs lost over this period. Next, Table 111
computes the decline in manufacturing \With the China Shock™ minus the decline in manufacturing
\Without the China Shock™ and shows that the China Shock accounted for 451k/1,917k=23% of

the manufacturing decline over that period. However, this decline in manufacturing was mirrored
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The lessons we draw thus far from this exercise are threefold: (a) China accounted for a quarter
of the decline in American manufacturing from 2000 to 2014; (b) this estimate is halved in a
balanced-trade world, which underestimates reallocation to services; (c¢) unemployment did not
respond to the China shock.

Table 111: E ect of the China Shock on Manufacturing Employ-
ment in the US (2000-2014)

LTM MTM HTM  Total
Jobs Lost in '000s 63.14 59.73 327.72 450.59
Employment Change in % -1.19 -146 -3.69 -2.47

Notes: E ects of the China Shock computed between 2000 and 2014 as
the change in employment \With China Shock™ (all shocks) minus the
change in employment \Without China Shock" (China receives average
world shocks). LTM: Low-Tech Manufacturing; MTM: Mid-Tech Manu-
facturing; HTM: High-Tech Manufacturing.

The \China Shock" we have studied in the previous paragraphs re ects changes in productivity,
trade costs and inter-temporal preferences. We now use our model to evaluate the relative contri-



Table IV: E ect of the China Shock on Manufacturing Employment
in the US (2000-2014): Contribution of Di erent Shocks

Change in Manufacturing Employment

LTM MTM HTM Total
Without China Shock 63.1 59.7 327.7 450.6
Without Rchina 80.4 249 2457 351.0
Without ®=hina 43 464 2309 281.5
Without Bepina 173 6.9 -29.8 -54.1

Notes: E ects of the China Shock computed between 2000 and 2014 as the
change in employment \With China Shock™ minus the change in employment
\Without China Shock”, \Without Rcnina", \Without &nina", or \Without
bChina". See text for details. LTM: Low-Tech Manufacturing; MTM: Mid-Tech
Manufacturing; HTM: High-Tech Manufacturing.

where CiSSO is the level of consumption in country i in the initial steady state, before the shocks. We
With China Shock

i i w With China Shock
compute the gains from the China shock as = wrochina snoa » Where w2, measures the
1

consumption e ects of global shocks including the China shock, and #Vithout China Shock meagyres
the consumption e ects of global shocks excluding the China shock. The rst row of Table V
displays these gains. Consonant with the e ects reported by Caliendo et al. (2019) for the US, we



Table V: Consumption Gains of the China Shock
(2000-2014) in %

US Europe Asia/Oceania Americas RoW
0.169 0.128 0.440 0.167 0.701

gains computed as 100

Notes: Consumption
Wi\Nith China Shock o
W Without China Shock 1 %.
1

5.3 Comparison with Existing Approaches

5.3.1 Su cient Statistic Approach to Gains from Trade

This section studies the implications of both trade imbalances and labor market frictions for the



bars) and the long-run gains we obtain in our model (red bars). Overall, these gains are quite
di erent. For example, the ACR formula predicts a 0.5% decline in long-run consumption in the
US, whereas our model predicts that the US experiences a long-run gain of 1.6%. Our conclusions
di er starkly in China, where the ACR formula predicts a gain of 2.5%, but our model predicts a
long-run loss of 3.7%. To give a better sense of the magnitude of these discrepancies, we compute
the mean (maximum) of the absolute value of the deviation in predictions between our full model
and ACR’s prediction: 2.8 (6.1) percentage points. These deviations are large if compared to the
mean absolute value of consumption gains across countries predicted by the ACR formula: 1.3%.%?

These numbers di er on account of both labor market frictions and long-run trade imbalances
that arise in our model. As we discussed in section 4, long-run trade imbalances, and thus long-run
consumption levels, depend on the full path of shocks fed into the model, and not just on the initial
and nal levels of trade costs. In contrast, the ACR formula is based on a static model so that
the exact path of shocks is irrelevant for the (long-run) gains from trade. We plot the long-run
imbalances resulting from our model in Figure 12. They are particularly large in China and the
Rest of the World, who sustain long-run trade surpluses exceeding 4% of GDP. These large long-run
trade surpluses imply long-run levels of consumption that are substantially lower than the initial
ones, explaining some of the losses in Figure 11a. This long-run comparison masks the fact that
our model predicts strong consumption growth (and trade de cits) in these countries in the short
run, as we illustrate in the red dashed line of Figure






Figure 12: Steady-State Changes in Net Exports in Response to Shocks in Trade Costs

period 0 and period t given by:

ct WY¥ I
CSISO = (By;ji) 35w (33)
i j=1k=1

where by ;; is the change in trade shares between periods 0 and t, which is computed using our full
model. Applying equation (31






Figure 3a. We then compare predictions that arise from our complete model with trade imbalances
to those that arise following the procedure described in equation (35).

Figure 14. Comparing Outcomes Across Models
(a) Reallocation Indices (b) Unemployment

(c) Net Exports

0 10 20

y
Notes: Responses to slow productivity growth in China (see shock in Figure 3a). Comparison between predictions of our \Full
Model," and \Trasfers" | model with imbalances given by equation (35). Reallocation index is given by
1Py Py oLhe LW : : -
=3 : —= | which accumulates yearly changes in sectoral employment shares over time.

2 s=1 k=1 T L;

Reallocation}

Figure 14c shows that the implications for the behavior of trade imbalances is quite di erent
across speci cations. In particular, the model following equation (35) predicts that China runs a
trade surplus every period, di erent from the large short-run trade de cit implied by our model. In
turn, our model predicts a twice as large trade surplus for China in the long run. This behavior of
trade imbalances has implications for the amount of reallocation in response to the slow productivity
growth in China and for unemployment responses. Figure 14a shows that our model leads to more
reallocation than the system of transfers model | more than 2 times more in the US and 20%



the predicted 697k jobs lost under our baseline model.

Figure 15: Reallocation Across Sectors in the US

Notes: Labor market responses to slow productivity growth in China (see shock in Figure 3a). Comparison between
predictions of our \Full Model," and \Trasfers" | model with imbalances given by equation (35). Ag: Agriculture; LTM:
Low-Tech Manufacturing; MTM: Mid-Tech Manufacturing; HTM: High-Tech Manufacturing; LTS: Low-Tech Services; HTS:
Hgh-Tech Services.

6 Concluding Remarks
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A Decentralizing the Labor Supply Decision in the Household
Problem

Section 2.3.3 states that the allocation of workers follows a controlled stochastic process. Indeed,
while the household head can choose workers’ sectors given knowledge of switching costs and shocks,
employment itself remains a probabilistic outcome. To this end, let e} xt*1 2 f0;1g indicate
whether the household head continues on with a match at time t given a match productivity of
xt*1 in sector k. In this case, the probability that worker * is employed in sector k at time t + 1,
conditional on match productivity x!*! and time t information k% et is given by:

Proki*t =ket*t = 1jxt* L kbhet =1 ki=k et el xi*? (A1)

+ 1 et 1 kPt =k g | e xPt

In words, if I ki =k et = 1, then worker “ is employed in sector k at time t and the match
survives with probability (1 k) if the family planner decides to keep the match (e} xt*tt =1).

If et = 0, that is, the worker is unemployed at t, and the planner chooses k™1 =k, then the worker

is employed in sector k at time t + 1 with probability tq { ef x™*' .

sector and employment status at t + 1, k™! and e'™?, are determined by actions taken at t.

Importantly, workers’

We are now ready to formalize the problem that the household head solves. The household
head chooses the path of consumption, ct, the path of sectoral choices, k!, continuation decisions,
el (x), and bonds, B, to solve:

().,( Zr D
max  Eg ()t ulde (A.2)
Tt el ():Bctg =0 0
subject to the budget constraint (5) and (A.1). We show that the solution to this problem can be
decentralized to individual workers solving equations (6) and (7).

The Lagrangian of problem (A.2), (5) and (A.1) is
8 h
SR Lu ¢t et LpFtct
L= Eo§






For an employed worker in sector k, kt =k, et =1:

LYy ki=kiet=1;x510 = max ewi xt + + PHIE
e (g



and so:

Bt 1t = max Cio + 150 + byo
ko Fel "t ()g '
7 o 1
Wt+1 X et+l X) +
+ bt d ko t+l1<O $+z “ ()t+1 AdGi (X)
E! @ko !L 1 eko (X)
+ bl L LB, BT P (A.11)
Now, wewrite W} (x) as:
WE(X) = max ©wi (x) +
fe" (g
+ pt+1 (1 k)etk+1 (X)W|E+l (X)
+ b+l pettl(x) E @ttt (A.12)

and so:

WE(x) = max ©wp xt + |
e (g

+ pt+1 (1 k) etk+l (X) WIE+1 (X) + 1 etk+l (X) E! lglz+l !1‘:+1

+ b+l g, g8t (A.13)

It is now clear that the optimal policy ef:’l Q) is:

8
<< H t+1 t+1 t+1
1ifWHLx)>E, 8 it
et (x) = _ < C)=Er B K (A.14)
- 0 otherwise
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B Steady State Equilibrium

In this section we derive the equations characterizing the steady state equilibrium. The key con-
ditions that we impose is that variables are constant over time, in ows of workers into each sector
equal out ows, and job destruction rates equal job creation rates. We also impose that the prefer-

ence shifters { are constant and equal to 1 in the long run.

Wage Equation

1 )@ Ui O i) i B

e.
i

Wi (X) = k;iV8k:iX +

Firms’ value function






Gross Output
z

Xmax S
koYkio = Wikolko (1 Uk:o) ———dGy;o ()
Xeo 1 Gki X0
= Wk;oEk;o
Expenditure with Vacancies
E¥;0 = k;oPcl,: k;oUk;oLk;0
Market Clearing System
X
Yko = k:0i Ek:i
i=1
1
X XK
Exi = ki <iYei + (1 <) wkiYsi kiNX
iy =

Normalization: World total revenue is the numeraire

XK
Yk;i =1
i=1k=1
Final Good Consumption Expenditure
c x x v
Eir = ki Yk;i Exi NX

(B.15)

(B.16)

(B.17)

(B.18)

(B.19)

(B.20)

(B.21)



C Country and Sector De nitions

Table C.1 displays how we divide the world according to the country divisions in the World Input
Output Database. Table C.2 details how we de ne the six sectors we consider in our quantitative

exercises.
Table C.1: Country De nitions
1 USA
2 China
3 Europe
4  Asia/Oceania
5 Americas
6 Rest of the World (ROW)
Notes: Asia/Oceania = fAustralia, Japan, South
Korea, Taiwang, Americas = fBrazil, Canada,
Mexicog, Rest of the World =fIndonesia, India,
Russia, Turkey, Rest of the Worldg. This parti-
tion of the world was dictated by data availability
from the World Input Output Database.
Table C.2: Sector De nitions
1 Agriculture/Mining Agriculture, Forestry and Fishing; Mining and quarrying

2 Low-Tech Manufacturing Wood products; Paper, printing and publishing;
Coke and re ned petroleum; Basic and fabricated metals;
Other manufacturing

3 Mid-Tech Manufacturing  Food, beverage and tobacco; Textiles;
Leather and footwear; Rubber and plastics; Non-metallic
mineral products

4 High-Tech Manufacturing Chemical products; Machinery;
Electrical and optical equipment; Transport equipment

5 Low Tech Services Utilities; Construction; Wholesale and retail trade;
Transportation; Accommodation and food service activities;
Activities of households as employers

6 Hi Tech Services Publishing; Media; Telecommunications; Financial, real estate
and business services; Government, education, health
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D Dispersion of Idiosyncratic Preference Shocks

The model in Artuc et al. (2010) implies the following steady-state relationship:

sl s' 1 i C

ha . S oL TR i

log Sii log T Cl+-w w
Where w; is the wage in sector i, sY is the share of workers employed in sector i in period t who
choose to be employed in sector j in period t+ 1, C is the mobility cost between sectors i and j,

measures the dispersion in idiosyncratic preferences for sectors, and is the discount rate at the



Given that the annual discount rate is * we multiply both sides by 1 4 :

m #
4 ij 4 1% ot 4 i i
1 log 8 = 1 log (4) + ————CY +71— 1 w'owl
1A} #
14 1 4
= 1 % log4)+—-Cl +1—7 w'ow
4
So, the coe cient on wage di erentials at the yearly frequency is —(117) compared with - at
the quarterly frequency. In turn, the ACM coe cient on wage di erentials is given by: ACM =
4 4
—y. This implies that  { at the quarterly frequency { is = ;— (1ACM)
4 4
InACM, Annual — 2 As e saw above, 9Uart = 1—7(1%,\,,). And so Aduart — 1—(1 . ) Annual

With 4 =0:97, the value used in Artuc et al. (2010), we get uart =4:05  Annual
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E Discussion of Identi cation

To obtain intuition about identi cation of the various parameters in the model, we focus on a
simpli ed one-sector model. To further simplify the exposition, assume we match quarterly transi-
tions. Finally, given that our estimation procedure allows the estimation to be conducted country
by country, we focus on a single country and omit the country index. Consider the following data:
labor market tightness, DP23%; (quarterly) persistence in unemployment, p5a'?; (quarterly) transi-
tion rate from employment to unemployment, p23%; coe cient of variation of wages, 2=W Data,
We will show that the model implies a mapping from these data to the job destruction rate
vacancy costs e, dispersion of match-speci ¢ productivities and unemployment value b. In the
one sector model, inter-sectoral mobility costs and sector-speci c utilities are absent, so the current

discussion is not relevant for the identi cation of this set of parameters.

In the one-sector model, quarterly transitions from employment to unemployment is given by:
Pr(E ¥ U) = . Therefore, we can recover directly from from the data: = pES‘a.

The model implies that quarterly transitions from unemployment to unemployment are given by:
PrU " U)=1 q()( G(; )). Therefore, data on labor market tightness and persistence
rate in unemployment pin down x, conditional on . Thatis, x =4 Dat;phata;

The coe cient of variation in the model isgivenby w=w=f(x; )=f f Data;pbata, . |
see sections J.2.3 and J.2.4. This implies that the dispersion of shocks can be pinned down by the
coe cient of variation in the data, labor market tightness and the persistence rate in unemployment:

=f Data. Data. w Data
=13 yPuU %

Plugging this back on the equation determining X, we obtain:

Data Data
— Data. ,Data. Data. ,Data. — Data. ,Data.
l_ﬂ. lpUU 1f3 1pUU ’ _fl lpUU 1

_w _w
w w

In turn, the Free Entry Condition dictates that e = q( )%I (X). This implies that we

can recover e given data on labor .9091 Tf 11.r31(tigh)28(tness)-231(and)-231(th)1(e)-231(p)-28(ersistence)-231



In other words, e






P
Table F.3: Input-Output Table { Average Across Countries ﬁ 2\':1 ki, Standard Dev. across
Countries in Parentheses.

User # Supplier ¥ Agr. LT Manuf. MT Manuf. HT Manuf. LT Serv. HT Serv.

Agr. 0.27 0.08 0.12 0.14 0.26 0.14
(0.05)  (0.02) (0.03) (0.03) (0.05) (0.06)
LT Manuf. 0.19 0.38 0.04 0.08 0.22 0.08
(0.04)  (0.06) (0.01) (0.01) (0.04) (0.04)
MT Manuf. 0.22 0.07 0.29 0.11 0.22 0.09
(0.03)  (0.02) (0.04) (0.02) (0.05) (0.04)
HT Manuf. 0.02 0.16 0.07 0.46 0.18 0.11
(0.02)  (0.02) (0.01) (0.05) (0.04) (0.05)
LT Serv. 0.06 0.14 0.10 0.10 0.34 0.26
(0.04)  (0.03) (0.02) (0.03) (0.07) (0.10)
HT Serv. 0.01 0.08 0.03 0.11 0.27 0.51
(0.00)  (0.02) (0.02) (0.06) (0.06)  (0.16)

Table F.4: MObI'Ity Costs in the US { Cus:(eus Wys )

From # To 1 Agr. LT Manuf. MT Manuf. HT Manuf. LT Serv. HT Serv.
Agriculture 0 3.22 3.43 2.96 2.17 3.35
LT Manufacturing  1.09 0 0.55 0.02 1.19 2.20




Table F.6: Sector-Speci ¢ Utility .i=(& W)

Country

Sector US China Europe Asia/Oc. Americas RoW
Agriculture 0 0 0 0 0 0

LT Manufacturing 0.09 -0.18  -0.26 -0.20 0.03 -0.12
MT Manufacturing 0.16  0.13 -0.05 -0.08 0.10 0.05
HT Manufacturing 0.04 -0.67 -0.50 -0.27 -0.82 -0.58
LT Services 0.26 0.27 -0.09 -0.05 0.21 -0.07
HT Services 0.08 0.31 -0.21 -0.34 -0.04 -0.24

Notes: Workers decide in what sector to search partly based on wages scaled by €;. To aid
the interpretation of the magnitude of the estimates of i, we express them as a fraction of
€, Wi, where W; is the average wage in country i. agricutture = 0.

Table F.7: Exogenous Job Destruction Rates :j

Country

Sector US China Europe Asia/Oc. Americas RoW

Agr. 0.039 0.003 0.049 0.046 0.014 0.003

LT Manuf. 0.058 0.055  0.055 0.070 0.053 0.068

MT Manuf. 0.060 0.055 0.071 0.066 0.046 0.054

HT Manuf. 0.057 0.055 0.051 0.067 0.040 0.085

LT Serv. 0.035 0.045 0.045 0.039 0.041 0.050

HT Serv. 0.029 0.041 0.032 0.029 0.026 0.056

Table F.8: All Remaining Parameters: i, bj, and g;j
Country

US China Europe Asia/Oc. Americas RoW
Match Prod. Dispersion ; 0.66 0.67 0.73 0.56 0.99 0.53
Value of Unemp. b; -13.45 -12.26 -12.35 -13.89 -13.56 -13.42
Vacancy Costs ej 4.59 4.54 4.83 3.53 8.22 3.22
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Figure G.2: Net Exports Over GDP in Response to Slow Productivity Growth in China (Figure
3a)

H Extracting Shocks from the Data: Details

This section obtains the time series for three sets of shocks a ecting r;che glé)bal economy between
December of 2000 and December of 2014: changes in trade costs (ﬂ{coi , productivity shocks
n ;



Pii = ki L and equation (22):

I;t 1=
é{( = Ibk;,i bﬁ;oo . (H 1)
o |bkl;;; bﬁ;oi

In turn, we rely on the Euler equation (27) and normalize b{JS =1 8t, as in Reyes-Heroles (2016),

to recover the inter-temporal preference shocks:

EC;t+1 Cit

L _YS_fort=1;::;Tp 1 (H.2)
Cit Cit+1 IIERRS} ata ’ .
E" Egs

b+1 —
1

where Tpata IS the last period for which we have data, which refers to December of 2014. Note that
we still need to determine b} for t > Tpata, but we will need to use the structure of the model to



economies | which comprise the bulk of the Americas and the Rest of the World aggregate ] also
experienced impressive productivity growth, while growth was more muted for advanced economies.

Turning to trade costs, we rst construct a summary statistic to capture this large object. We
focus on the average import cost for each country-sector pair, weighted by their initial steady state

import shares:

" < Ig .

3 ;01 .

dk;i = 1 ) :0i* (H.4)
o6 K;ii

Figure H.1b plots this index for each country and sector. In general, import trade costs are declining
for the United States and Asia, and approximately at in Europe (with some heterogeneity across
sectors). Perhaps surprisingly, starting after the 2008 nancial crisis and concurrent collapse in
trade, initially falling import trade costs in China begin to revert and are actually larger by the
end of the sample. This estimate of changes in trade costs re ects the fall in the share of trade in
output, as documented in Bems et al. (2013). The sources for these increasing frictions are myriad,
and include policy changes in countries like China, as well as changes in supply chain management,
and other reasons. That said, our measures of frictions are a standard, straightforward, measure
of the implied barriers to trade.

Finally, we turn to our measure of shocks to inter-temporal preferences, which are presented in
Figure H.2. The shocks in the US are normalized to 1 in every period. In Europe and Asia (except
China), the discount factor shocks uctuate around 1, suggesting little persistent deviations in
consumption behavior from what would be expected with a simple consumption smoothing model.
On the other hand, China, the Americas, and the aggregated remaining countries (Rest of the
World) exhibit persistent shocks to their inter-temporal preferences, suggesting increased patience
over the period we consider. These persistent deviations are often referred to as the \global savings
glut.™*® It is important to recognize that there are rich dynamics to consumption in the real world,
re ecting preferences, frictions, and other factors. We are agnostic on the exact theory, instead
summarizing the e ect of these channels with the bf shocks. This is useful because it allows
us to ask counterfactual questions about the dynamics of globalization shocks without the global
savings glut, without having to specify what policy or change in deep parameters to achieve this | a
useful benchmark to compare against the usual assumption in trade of no consumption smoothing

whatsoever.

“8The large trade surplus that China has been running since the early 2000s is a puzzle for models in which the
main driving forces are productivity shocks. For instance, as argued by Song et al. (2011), nancial frictions within
China are key drivers of the Chinese savings glut. Our inter-temporal preference shocks constitute a reduced-form
way to allow the model to match the time series behavior of Chinese aggregate expenditures and the rest of the world.
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Figure H.1: Extracted Globalization Shocks

(a) Productivity Shocks AR .;

(b) Trade-Weighted Import Costs






Table 1.1: Sector-Speci c¢ Utility .i=(% W)



largest and smallest value of .j=(®; W;) is 0.26 in our full model, but it is 0.58 | more than twice
as large | in the model without mobility costs.



Figure 1.1: Comparing Labor Market Structures: Responses to Slow Productivity Growth in China
(See Shock in Figure 3a)
(a) Unemployment (b) Consumption

Notes: The blue line, \Baseline," plots outcomes for the Baseline Model, estimated in the main text. The red line, \No C,"
plots outcomes for the modelre-estimated with no mobility costs. The yellow line, \No Search," plots outcomes for the model
re-estimated without search and matching frictions. All outcomes are relative to their initial steady-state values.

These di erences are not speci ¢ to the slow moving Chinese shock that we considered in section
4. Figure 1.2 shows similar patterns of unemployment spikes when we consider the trade costs shocks
analyzed in Section 5.3.1 (see Figure H.1b). In this example, the spikes are very large ] as much
as a 50% increase in the unemployment rate in China, and a nearly 80% increase in the Rest of
the World. These numbers are up to four times larger than in the baseline model. Consumption
patterns are more similar in magnitude. However, there are still substantial deviations between
our baseline model and the mode without mobility costs | for example, the consumption spike in
China is 20% in the baseline model, but only around 12% in the model without mobility costs.
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Figure 1.2: Comparing Labor Market Structures:
Responses to Extracted Trade Costs (See section H)
(a) Unemployment (b) Consumption

Notes: The blue line, \Baseline," plots outcomes for the Baseline Model, estimated in the main text. The red line, \No C,"
plots outcomes for the modelre-estimated with no mobility costs. The yellow line, \No Search," plots outcomes for the model
re-estimated without search and matching frictions. All outcomes are relative to their initial steady-state values.

Our two exercises suggest that the unemployment response to shocks is larger in the absence
of intersectoral mobility costs. Moreover, consumption is more volatile, albeit the consumption
di erences are much smaller than the unemployment di erences. This suggests that adding mobility



h i
where Wt E; WL;(*Y) . The solution to equation (1.1) yields a similar multinomial logit
expression for transition rates, stki{fll as in the main model. The di erence is that this transition
matrix now applies to all workers, not just to those who are unemployed. The allocation of workers

across sectors evolves according to:

I_t+1 — X Lt tt+1, 1.3
ki SiSei (1.3)
—p
In this setup, workers are both ex-ante and ex-post homogenous. Firms do not post vacancies and
there is no match-speci ¢ productivity. Instead, perfectly competitive rms can produce varieties
as in Eaton and Kortum (2002) and Caliendo and Parro (2015), using a Cobb-Douglas aggregate
of labor and intermediate inputs. The expressions characterizing trade and goods markets are the
same as in section 2.6 except that &, ;, the sectoral surplus, is replaced with wf;, which is the



Table 1.5: Mobility Costs Around the World Relative to the US’s
Ci=(&iwi) _ . EysWys
Cus=(PusWus) Giw;
Model w/0 Search Frictions

Country
US China Europe Asia/Oc. Americas RowW
i cwfus 1 107 099 0.91 112 115
Notes: Remember that we impose Cyko.i = i Ckiko.us. This table reports
M—

CoesCoaw = i US‘”US so that we are better able to compare estimated
usT({“us US
mobility costs relative to the US. w; is the average wage in country i.



much larger mobility costs to rationalize the transition matrix. The median log di erence across the
o0 -diagonal elements of Tables 1.4 and F.4 (excluding mobility costs from unemployment) is 2.00 |
a nearly 7.5 fold increase in mobility costs. The values of ; are compressed closer to 1, suggesting
such large costs are required of most countries in the world. The value of the unemployment
sector is very negative, similar to the value of b; in the full model. Finally, the .; parameters
for the production sectors tend to have become negative, suggesting that the model needs to make
agriculture more appealing in order to match its size relative to the wage. As in the model without
mobility costs, the spread in



terms go up in China in the long run (consumption smoothing in China dictates that it will run



ment response. The dampening is because without job creation and destruction, the magnitude of
the unemployment response is, to a rst order, governed by €jwy.i= i | a value that is empirically
small.
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J Solution Methods

This Section presents the di erent algorithms we developed to estimate the model and to perform
counterfactual simulations. Section J.1 details the estimation algorithm and section J.2 obtains
expressions for simulated moments. Section J.3 outlines an exact hat algebra algorithm to compute
changes in the steady state equilibrium in response to shocks in trade costs, productivities or net
exports. Section J.4 develops the algorithm solving for the transition path of our complete model
with trade imbalances. Section J.5 adapts this algorithm to the case where we have exogenous
de cits. Finally, section J.6 outlines the procedure we use in section 5.1 to extract the shocks in
trade costs, productivities and inter-temporal shocks.

J.1 Estimation Algorithm
R
De ne lg:i (X) ;max (s X)dGy:j(s). Imposing Gk:i logN 0; ﬁ;i and a bit of algebra leads

to:

Gk;i (X) — In x



The rest of the procedure conditions on these values of fYy.ig.

.pF
Step 2: Guess model parameters : We treat ey:; %PI' as parameters to be estimated.
Step 3: De ne
Q1 @ ki) ek
Br;i
e «)
TS CR) DL 1, the free entry condition cannot be satis ed [ lx;; is decreasing.

(1 wi)li(0) I;i (0)
Abort the procedure and highly penalize the objective function.

Step 4: Find xi% such that ((11 (1k )kli)&i';”) =1 QO Iki X% = $y.;. If along the algorithm
’ HY AL RavSY ’

Xi:i goes above gﬂf’i, we update it to be equal to xﬂ;bi (minus a small number).
Step 5: Guess fL;ig, and X

Step 6: Compute Ik Xy.i » Gkii Xiii » ki and Ui

— B _ 1y B
ki = Gi ' Ik:i(l;k;i) where fi 1 ¥) = yyi
Upi = K;i
ki kidi( ki)(@ Gri(Xii))+ i
n o
Step 7: Compute Ey;
Z X
Bvi Lei(l uki) o ;de-' (s)
kil il il xe; 1 Oki X !
&,i ! . lnf(.'
=Li (1 uki)exp T Ingk.iv
K;i
Step 8: Compute fwyig
s = ki Yk:i
By

n o
Step 9: Compute E}/;

Vo
Ex.i = €ki¥®k;i k;iUk;ilk;i
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Step 10: Compute EF

X x v
k=1 k=1
n o
Step 11: Compute &;
e — Li
' E

Step 12: Obtain fUy:ig.
Step 12a: Guess UQ

Step 12b: Compute until convergence
8

)

< Cyeji +bei + ‘;ie‘;ieiW‘;iﬁ+ ud,

o1

O
X
Udit = log & exp _ _
e—q = i

Step 13: Update fLy:ig.

Step 13a: Given knowledge of fUy.ig, compute transition rates Si-:j.

g =
o Uk;i_g g
A+ UG

Ckejithei+ <iei®ies it '+ Uei
exp i =
Skei = 8 = S
K;i =
P < CrritPrit kiCkiCi%eit El-i+ Ui
exp : -

Step 13b: Find y; such that

Step 13c: Find allocations Ly:;
Li:iUkii = 7Ykii

> L = "Yuigti

B
D Lilk 1="gilk 1=L
._ L
> ?E(;ilK 1

85



(Lii)” = i

kib =0 Oblgi+ L



J.2.2 National Unemployment Rate

J.2.3 Sector-Speci ¢ Average Wages

Wi (X)) = (1 ki) WkiiXi + kiVBk;iX

R Xmax
xen . Wici (8) dGi;i ()

Wi =
< 1 Gki X
Xmax IS
=(1 D) WiXe: ki ———dGy:i (s
( k,|) K;i&k;i K; i Wk;i - 1 Gk;i Xici k,l()
lf. 1 . Infk.;i
o ’ i
= i) kX + ki eXp " nXes
k;i
J.2.4 Sector-Speci ¢ Variance of Wages
Ra N2
, xe Wi (8) Wi;i)” dGiii (5)
ikl 1 Gki X
O In X -5 12
R 2 K
. @s exp & T A dG:i (s)
2 K;i
= i\
( ki) 1 Gui Xu
(@) ' o) 1,1
2 ki N % k;i I i
= ( ki)’ 8@(9 2 & Ingk;ik;l exp i @ |nlk;:<;l AK
K;i ki

J.2.5 Transition Rates

tt+1

Note that the transition rates s, ,/ime.; denote transitions from unemployment in sector k to search

in sector k? within period t. There are no data counterfactuals for this variable. However, we can

construct a matrix with transition rates between all possible (model) states between time t and time

t+ N (where N is even) ] where variables are measured at the t; stage (which is the production

stage). From this matrix, we can obtain N-period transition



The one-year transition rate between sector- unemployment and sector-k unemployment is
given by:



and t+ N as:

R :
t 1.t 1 Gt+N
- 1L‘;i B 85
N = .
Baki — o L 3.7
t t
Leite;
=y

Finally, we can write transition rates between sector-k employment and unemployment & as:

tt+N _ t;t+N .
Blgi — 1 B0 - J.8)
ki=1

1-period transition rates
Bg.g,;i = S'k;i 1 kidi (ki) 1 Gki Xiii
Ba.k;i = Skii kiili ( ki) 1  Okii X

C

Bk;i =



J.3 Algorithm: Steady-State Equilibrium Following Shock
_ n o n on O n o
Consider shocks A); ¥ Al; , di,; ¥ di, ., NX° ©® NX{

We will be using 0 superscripts to denote the initial steady state, and 1 superscripts to denote the
nal steady state.

n on on on o
Start from estimated Steady State: LQ; , XQ; ., WL ., oo

Note that Q. ; = pPa@

. n

_pFi0 )

We also have el,; = 7, but we do not know P
! K;i

Denote relative changes in variable a by b = g—é

n o n o
Step 1: Guess Li; and X

n o
Step 2: Guess W ;

. _ W&'i . . 1
Step 2a: Compute \Bk;i = o and iteratively solve for Ii‘Dk.i and b
0 ;







n o
Go back to Step 2a and repeat until converegence of &

Step 8: Compute
Vil _ 1 o1 1,1 1
Evi = €iiV¥ici kiiYkiilk;i



- _ L
El;r;ilK 1
Ll i 0_ 5 i
ki — ﬁ(;l
0
L&I e = (1 L) I—&;i + L I—&;i
n o
Step 12: Update X ;
Note that in equilibrium:
Shegixici = (1 DUk ki

So, we update Xxj; according to:

n 0]

1 new _ . 1 1 0 ub
Xic:i =min (1  )Xgi+ x Xici Xk

ne

W
Step 13: Armed with Ly and X ;

ne

0
1 1
Xei X 1O
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w 0
go to Step 2 until L&;i

I-&;i

T 0 and



J.4 Algorithm: Out-of-Steady-State Transition

n o
Inner Loop: conditional on paths for expenditures EiQt | determined in the Outer Loop

below.
_ N Org n Ores _
Consider paths Ay 0 and  dg . with A, = 1 and d%;, = 1. Also, consider paths
! = [ t= ’ iy
i tTi(S) with ?=1and b} =1forT t Tss, forsomeT << Tgs.
n . (@) n o B
Step 0: Given paths Eic't , compute paths €f : €t = Li.

S

N Org
Step 1: Guess paths &} ) for each sector k and country i.
o

Step 2: Compute x, S5 consistent with &3S and €[S, Obtain [ss, Ulss, glssiTss*l gng Tss



Step 2f: Compute o
1 1 ki)

A ki) i X
Step 2g: Compute Bellman Equations

Tss — .
Uk;i -1






Step 4d: Solve for x



Step 6d: Compute

Z 4 S
t+1 _ j t t
B =Lki 1 ei 7 4Gk ()
lkl 1 Gk| Xkl
¥ Inxght
ﬁ.- ) kii i
=L, 1 @\l exp =2
K;i K;i p 2 |nl}:;—il
K;i
Step 6e: Compute expenditure with vacancies
Vit+1l _ t+1 ot+1 t+1) t+1) t+1
Evi T8 % ki Yki Lk
n o
Step 6f: Solve for Y. in the system
x
t+1 _ Cit+1 Vit+1 t+1
Evi' = kiE; + kiEe +(1 i) i Yo
=y
t+1 _ t+lt+1.
Yk;o - k;oiEki
i=1
w1 U kiYaT
Step 6g: Compute ;' = —gEi—
K;i
n o 0
. H H t . t
Step 7: Compute distance dist  w,; ; &

0
Step 7b: Update wi.; = (1  w)wi;+ w W& ; t=1::Tss, for asmall step size .
n o
Step 7c: At this point, we have a new series for wf.; { go back to Step 2 until convergence
n o ’

of
Step 8: Compute disposable income I} tij
X :
i = Y B
=1

Outer Loop: iteration on NX!
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Step 0: Impose a change in a subset of parameters that happens at t = 0, but between t. and tq.

That is, the shock occurs after production, workers’ decisions of where to search and after rms

post vacancies at t = 0. Impose a large value for Tss. Assume that fort Tgs the system will
I

have converged to a new steady state. World expenditure with nal goods



EiC;t+1

Eft=
t+1
bi+ Rt+1

n o
to obtain paths for R' and Eic;t . Note that, because Bi1 is decided at t = 0, before the shock,
RI=R0O=1

n o
Step 6: Solve for the out-of-steady-state dynamics conditional on aggregate expenditures Eic;t .

Step 7: Using the path for disposable income 1} Tss obtained in Step 6 and equation (5) compute:

I =1

NXE =18 ECtforl t<Tss

N X' =



J.5 Algorithm: Out-of-Steady-State Transition, Exogenous De cits (No Bonds)

. n ¢ OTSS n " OTSS . 0 B 0 3 .
Consider paths  Ay; - and dog - with Ag; = 1 and di; = 1. Also, consider paths
i tTi(S) with ?=1and b} =1forT t Tss, forsomeT << Tgs.

We condition on an exogenous path for NX{ tij

N Or )
Step 1: Guess paths €t ) for each country i.
=

n or
Step 2: Guess paths e} Sj for each sector k and country i.
-

Step 3: Compute x3° consistent with 3% and €[S Obtain 3°, U5, s

Tss:Tss+1
K

Tss
and 5.

Tss

Step 3a: Compute \ﬁk;i

k;i
0 )
B

bc:i using the system

bei =

Ibkl;i

Step 3b: Compute BF;:

Step 3c: Compute

Tss —

and obtain | 3¢ =

0
k;oibk;Oi

Step 3d: Compute

: T
Step 3e: Guess X, 3°

Step 3f; Compute

Tss dTss
/Qk;i = 'L:\A"é'_i and (ﬂL;i = dcé'o‘l‘ Iteratively solve for Fbk';i and
¥ @ ki) ki
K;i k;i k*;i
\Qk;i I:b‘l;i
=1
1o
3 -
E;oi'kzk;o bK;o(m(;oi
0=1
¥ i
I:b)iF - I:bkl;i "
k=1
&( 1
Bi:oi = /Qk;o %I = '
k;i
0] 1
1@ess I R N
' A ki) i X
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Step 3g: Compute Bellman Equations

8
2 CkkU;i + bko;i =+

Tss oTsseTssglss KO;i Tss =
K Gk 1 Bk (7 ko_i)+ Ui

@]
X
Ugs® = i1og B exp _
K -

Step 3h: Compute

T



Step 4d: Computeort=1;::;;Tss 1:

t — 0 t
{ k;oi T k;oibk;oi
F;t F;0 p F;t \g0 F;t
(el b= tapi Ptk oo B
K;i LHe Lher P W k'l\Bk;i

Step 5: Given knowledge of w3, €[5 and x,3° (and therefore J,$S (s



M r1OTss 1 . _
for all countries i according to:

Step 6: Compute transition rates s, ;
t=1
8 9
< Ckko i+ bko i =
eXP . pt+1 Xmax Jt+1 t+1 t+1 -
o Bt (b)Y S et I (9 4G9 + brigft s
S = 8 i 9:
< Cykm:j + byo-j+ =
t+1 -

P |
exp + dG
K00 - pbt+1 t Pimax Jkool (X) K00- |(X) + t 1Uk°°;i E

k00
i K0 |Q( K0 )1 0 t+1

Step 7: Start loop over t going forward (t=0tot=Tgs 1)

- i t= 1 _ t=0 [t= 1 _ | t=0 0
Initial conditions: we know & = = U, Li; © = Ly, and 57 from the initial steady state
computation. Obtain &f.; and L}.; using ow conditions and sequences L. , XL,

Step 7a: Compute
‘]CIE;i =I—tk;iutk;i ﬁ;iqi ﬁ;i I ens th;l

(0]
JDﬁ;i =@ i+(@1



Step 7d: Compute

Et+l



n c-tOTSS ;
Step 11: Update E;~ it using
- Ct _
E-f=1F NX!

0 _
Step 12a: Compute ©f = X forall t=1;::;Tss

|
N O7gg 0 Tss
Step 12b: Compute dist €} . €

I —
=1 t=1

Step 12c: Update €t



J.6 Algorithm: Recovering Shocks

Important: We will need to keep track of two periods. Let Tpata denote the last period for which
we have data. Let B > Tpawa be the period after which there are no more shocks AND EiC is

P
assumed to be constant across countries (according to the EiC = 1 normalization).
i=1

n

LOT
Inner Loop: conditional on paths for expenditures EiC’t S:, net exports N X! tTji’ and

n or N Org =

shocks Dbt SZ’ and (ﬂ{coi oy which are determined in the Outer Loop below.

ﬁ\s before, we derr1]ote changes relative to t = 0 by k' = ;‘—; This loop conditions on data on

T LOT
bt .; Dlata Bt P* We assume the state of the global economy at t = 0 is given by the
o o 0o
) d.SS A.SS
estimated steady state. De ne éﬂ(;oi 3';# and /Qk;i Wkk'f .
n o N Org _
Step 1: Given paths EC-™" ' compute paths €t — et — E'-Ci;t



Step 4b: Compute BF



Step 5: Obtain series . and e

Step 5a: Fort=T +1;:::; Tss do:

t e : :
Compute B ; = o5 and iteratively solve for B, and b; using the system
' K;i ' '

AT OE

bl.i =

=1

, N
Ih)|<||t = E;oi’hk;o qa;o&cOi

o=1

Step 5b: Compute BZ:" for t=1;::5;Tss 1 (remember B is data for t = 1;:::;T):

¥

b Ib)kly’lt Ki

k=1

Step 5¢: Compute bf.,; and [ fort=T +1;::Tss L

Fort=1;::;Tss 1do:
First Case: If t T then by is data, so do:

— 0
&;oi - k;oibﬁ;oi
End of First Case
Second Case ift T + 1 do: '
bt . = t 0 b}<;oépl:<;oi
k;oi — K;0 Ibl;t
k;i
— 0
ﬁ;oi - k;oibﬁ;oi

End of Second Case

Step 5d: Compute fort=1;:::;Tss 1

k;iPiF;t _ k;iPiF;O PiF;t Wg;i _ 0 Ib-F;t

t i
e .; = - =er..
{ K;i Wﬁ;i Wg;i PiF,o Wﬁ;i k'l‘Btk;i

Step 6: Given knowledge of w3, €/ and x,3° (and therefore J,$° (s)), start at t = Tss 1

and sequentially compute (backwards) for each t = Tgs 1;:::;1
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Initial conditions: we know &y * = ui5%, L ' = L{5% and (50 from the initial steady state
computation. Obtain e[ ; and L ; using ow conditions and sequences  ; , X

Step 8a: Compute
‘]CI&;i = I—tk;iutk;i ﬁ;iqi ﬁ;i 1 Gk:i ltk-;ﬁl

O 8 t+1 t 91

<Gk:ii Xy Giii Xic:i

JDﬁ;i =@ ki + (1 ki) max _

0 ALl g gl

Y- k;i k;i

1 Gki X >

=Ltk;iu}<;i ‘]CIE;i_'_JDﬁ;i
I—tk;i

t
B

Step 8b: Compute

t+1 ;| t t+1 t+1.
Lei = Lii IR OFG

where
X ]
| Ft4_—1 — Lt -Bt . t+:!_,t+2.
k;i B A Al !
‘6k
and

t+1 _ |t gt t+1;t+2
OF i  =LwiBki 1 Sk

Step 8c: Compute

t ot tH1t+2
. ‘1L‘;ia.;is‘k;i
t+1 — "=
Ui = |t
K:i
Step 8d: Compute
t+1 t t ‘1 S
+1
Bei =L 1 8 7 4Gk ()
i 1 Gyi Xic:i
1 Inxght
2 Tk
=L, 1 @\l exp =2
K;i K;i p 2 Inl}:;—il

k;i

Step 8e: Compute expenditure with S Q Bompute expenditure with S Q Bompute ex63t






. Cit _ Eic;o (Eic;t)
Step 2: Compute B = oo (ESY)

i=1

Data for t = 1;:::; Tpata Where E-° is aggregate consumption

Data

expenditure in the estimated steady state, and Eic;t 5 comes directly from the data. Normalize
ata

: P _c
EiC't to ensure that EiC’t =1 in every period.

i=1
Step 3: Normalize b{JS =1forall t=1;:: Tss. This yields:

w1 - Egs” _
R = 7C,t fort:].,...,TData 1
us

n or
. .. Data R
Obtain remaining shocks b} , using:
=

C;t+1
br+1 — _Ei

i W fort=1;:Tpata 1:
1

Step 4: Obtain



g EC'TData gSTss gC&Tpata (t T ) for t=T . -
Step 7: Impose ECt = _ * Toms Data Data

= ESTSS fort>F
That is, EiC;t evolves linearly between Tpata and P when it reaches its steady state value determined
in Step 6.

Step 8: Compute
C;t+1

R ==Y _fort Tpat:
E ,
us
. .. N Org .
And obtain remaining shocks b} using
t=Tpata+1
E_C;t+1
bt+1 — i .
i 7EiC;th+1 fort Tpata:
. . . n c:t Tss
Step 9: Solve for the out-of-steady-state dynamics conditional on aggregate expenditures E;” ,
N Org N Org t=0
on preference shifters bt ) and trade cost shocks (ﬂ{(.i K
t= ’ t=
Step 10: Using the path for disposable income I} tTji’ obtained in Step 9 and equation (5)

compute:

NXE =1t ECtfor1 t<Tss
]

T 1 - -
0 <! Y
NX[ss = - Tgyll r+ B+ R NX
(R ) 1 t=1 =1

=1
Step 11: Compute

n o 0

dist  NXss ;  NX/ss

Step 12: Update N X.'ss

NXSS =1 )
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